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Abstract

This paper seeks to examine the effects of Al flexibility on customer satisfaction in complaint
management in telecoms, with special emphasis on the mediating role of the customer
psychographics and the perceived usefulness. The use of Al technologies is becoming common
in customer service systems so far as to enhance efficient operations and ensure that
complaints are handled in a timely manner. Nonetheless, the differing attitude of customers,
level of technological readiness and patterns of lifeways are key factors in establishing the
effectiveness of Al solutions on perception. The research is quantitative and uses the technique
of structured surveys and performance measurement to obtain information on telecom
customers belonging to a wide demographic range. Regression and structural equation
modeling (SEM) statistical models are going to be used to observe correlations between
variables and support the conceptual framework. The study will also enhance the knowledge to
achieve a better level on how Al adaptability factors in the perception of trust, the perceived
service aptitude and the general client thermal conscience, amongst others and it will also
enlighten the barriers like lack of emotional intelligence, fear of the breach of data privacy,
refusal to embrace the concept. This empirical research will enable telecom enterprises to
develop Al-based systems to manage complaints efficiently and proactively such that they are
not merely efficient but also customer friendly to win their loyalty in the long term and adopt a
sustainable business model.

Keywords: Al adaptability, customer satisfaction, telecom complaint handling, customer
psychographics, perceived usefulness.

Introduction

The fast development of Artificial Intelligence (Al) transformed other industries across the
globe and the telecommunications market is not an exception. The rising competition, the high
expectations of the level of service, and, accordingly, the blistering rise in the number of digital
interactions enable telecommunications firms to be under pressure to deliver efficient,
personalized, and seamless customer service experiences (Huang & Rust, 2021; Davenport &
Ronanki, 2018). Customer complaint management, which is one of the most important
touchpoints in the customer life cycle, has also become a field in which Al has a potential to
deliver tremendous benefits (Bradlow & Gangwar, 2021).
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Chatbots, virtual assistants, automated ticketing services, among other Al systems are now
prevalent as an efficient method of making operations faster, less time with the resolution, and
able to receive large complaints at once (Besson & Rowe, 2022). Nevertheless, before the
success of these systems is guaranteed, the technical complexity of these systems must be
accompanied by their ability to be perceived and fitted by the customers. Al adaptivity defines
how far such systems can adapt to the dynamics of customer demands, the successful
integration into the organizational processes, and the harmonization with human behavior (Li
et al., 2020; Marinova et al., 2017).

Nevertheless, customer satisfaction in handling complaints with the telecoms industry has not
been equally enhanced despite the increase in the amount of investment made in Al. Digitally
aware customers of all ages tend to embrace Al-based operations, especially younger
generations, whereas other demographics are more hesitant given the possibilities of unfeeling
robot interactions, problematic decision-making and data security concerns (Lu et al., 2019;
Zhu et al., 2022). Such ambivalent answers denote the necessity of conducting research that
would pinpoint the impact of Al adaptability, alongside customer psychographics and
perceived usefulness, on overall satisfaction (Gursoy et al., 2019; Venkatesh et al., 2012).

The current literature base has focused more on the efficiency with which Al operates but less
on the psychological and behavioral processes that interpose the customer experiences. The
psychological studies of the effects of individual differences on the adoption of Al, related to
complaint handling, are scarce (Makridakis, 2021; Ransbotham et al., 2020).

Moreover, even though technology adoption models such as TAM and UTAUT give valuable
ideas, they seldom reflect the ability of Al flexibility to trigger trust, loyalty, and long-term
participation in highly service-oriented businesses such as telecommunication (Wirtz &
Zeithaml, 2023; McLean & Osei-Frimpong, 2021).

This research will fill such gaps by looking at the role of Al adaptability in customer
satisfaction in telecom complaint handling by taking into consideration the mediating from
customer psychographics and perceived usefulness. The research methodology will take a
quantitative study perspective and employ stringent statistical studies to offer pragmatic
recommendations that can be used by the academics and the practitioners alike. Its results will
assist telecom businesses to create Al-driven systems that are not only efficient but also
human-oriented, emotionally astute, and able to generate sustainable customer loyalty (Kaplan
& Haenlein, 2022; Dhar & Stein, 2022).

2. Literature Review

2.1 Al Adaptability in Customer Service

Artificial Intelligence (Al) has undergone a surge in service sectors with regard to its
capabilities of easing the efficiency of operations, the minimization of business expenses as
well as its ability to achieve uniformity in the resolution of consumer grievances (Huang &
Rust, 2021). The operational domain of Al-driven tools in the telecom industry would include
chatbots, voice recognition systems, and virtual assistants through which the companies are
capable of handling a mass quantity of the requests and ensuring that there is a limited
association with the time of response (Bradlow & Gangwar, 2021). Al adaptability denotes
how Al systems can be trained, improve, and assimilate to the dynamic business conditions
and quickening customer demands (Li, Wang, & Chen, 2020). The studies reveal that the
flexibility of Al contributes to greater personalization because it learns to attune its responses
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to the conduct and the history of the customer, something that promotes service quality and
satisfaction (Besson & Rowe, 2022). As an example, Huang and Rust (2021) mention that the
adaptability of Al leads to a significant increase in the level of resolution of problematic
situations and makes it possible to integrate it into a hybrid system of service delivery without
problems. But there are also obstacles noted by the scholars. According to Bughin et al. (2017),
technological and cultural resistance by organizations is common in the deployment of
adaptive Al systems. In like manner, Marinova et al. (2017) highlight that Al works fine when
it comes to structured conversations but fails when it is tested on unstructured, emotionally
charged complaints in which human empathy plays a significant role. These results indicate
that adaptability is both a technical and strategic as well as organizational problem.

2.2 Al Perceptions of the Customers in Telecom

The perceived usefulness, trust, and ease of use are significant factors relating to customer
acceptance of Al systems, and constructs that have been widely studied under Technology
Acceptance Model (TAM) and Unified Theory of Acceptance and Use of Technology
(UTAUT) (Venkatesh, Thong, & Xu, 2012). Customers who are younger and more tech-savvy
tend to enjoy the convenience and speed of Al, whereas senior consumers or customer groups
who are not technology friendly will either show mistrust or even resistance (Lu, Cai, &
Gursoy, 2019).

Research by Makridakis (2021) and Ransbotham et al. (2020) indicates that psychographics—
lifestyle, values, and personality traits—play a pivotal role in shaping attitudes toward Al-
enabled services. These findings are significant for telecom, where customer segments are
highly diverse. Kaplan and Haenlein (2022) argue that trust in Al decision-making processes is
essential for widespread acceptance. If customers believe that Al systems are transparent, fair,
and reliable, they are more likely to engage positively with them.

Studies also highlight perceived risk and privacy concerns as barriers to Al adoption (Zhu,
Song, & Ni, 2022). Telecom services involve sensitive personal data, and customers are wary
of how Al systems store, analyze, and use their information. These concerns directly impact
satisfaction and loyalty, even if Al systems perform efficiently.

2.3 Challenges in Al-Driven Customer Complaint Handling

Despite AI’s potential, several technical, ethical, and behavioral challenges hinder its
effectiveness in complaint handling:

1. Lack of Emotional Intelligence and Empathy:

Belanche, Casal6, Flavian, and Schepers (2020) note that Al systems often fail to interpret
emotional cues accurately. Human agents excel at recognizing frustration, anger, or confusion,
but Al systems typically rely on keywords rather than nuanced emotional understanding
(Schuetz & Venkatesh, 2020). This creates dissatisfaction when customers expect empathy.

2. Data Privacy and Ethical Concerns:

Telecom companies manage sensitive personal and financial data, and improper handling by
Al systems raises regulatory and ethical issues (Jain & Prasad, 2023). Customers are concerned
about unauthorized data access, profiling, and algorithmic bias.

3. Technical Failures and Misinterpretation:

Ivanov and Webster (2019) highlight that Al systems can misinterpret complex complaints,
leading to delayed resolutions or incorrect responses. This can erode customer confidence
rather than improve it.

Volume: 3, No: 3 July-September, 2025
1280



4. Trust Deficit:

Hoyer et al. (2020) emphasize that even high-performing Al systems may fail to gain customer
trust if perceived as opaque or lacking accountability. In complaint handling scenarios,
customers often prefer human interaction for reassurance and fairness.

To address these issues, scholars recommend blended Al-human service models, where Al
handles routine tasks and escalates complex issues to human agents (Verma et al., 2021; Wirtz
& Zeithaml, 2023). This approach leverages Al’s efficiency while preserving human empathy
and judgment.

2.4 Theoretical Insights and Gaps in Literature

. Service Quality Models: Parasuraman, Zeithaml, and Berry’s (1985) SERVQUAL
model underscores reliability, responsiveness, assurance, empathy, and tangibles as critical
dimensions of service quality. Al adaptability directly affects reliability and responsiveness but
often fails on empathy and assurance without human oversight.

. Technology Adoption Models: TAM and UTAUT frameworks have been extended to
incorporate fairness, transparency, and personalization as drivers of Al acceptance (Venkatesh
et al., 2012; Makridakis, 2021).

. Emerging Research Trends: Studies suggest that emotionally intelligent Al
systems—capable of recognizing and adapting to human emotions—will define the next phase
of customer service (Wirtz & Zeithaml, 2023; Dhar & Stein, 2022).

Despite extensive work on Al efficiency, few studies integrate behavioral, psychological,
and demographic factors with Al adaptability in telecom complaint handling. This
research addresses this gap by incorporating customer psychographics and perceived
usefulness as mediators to explain how Al adaptability impacts overall satisfaction.

3. Conceptual Framework

3.1. Independent Variables (IVs)

These are the variables that influence the dependent variable and are central to research focus:
a) Al Adaptability Index (AIAI): A multi-dimensional measure of how easily customers
adapt to Al technologies in complaint handling. It includes Al user interface design etc.

b) Customer Attitude toward Hybrid Interaction (CAHI): How customers feel about
interacting with both Al and human agents during the resolution process (measuring trust,
comfort, and satisfaction).

c) Al-Driven Communication Value (AIDCV): This term not only captures the customer's
perspective but also incorporates elements like usefulness, satisfaction, and quality, which go
beyond mere efficiency. It reflects what the customer perceives as valuable in their interaction
with Al, making it broader and more customer-centric than "efficiency."

3.2. Dependent Variable (DV)

These are the outcomes you aim to measure, typically influenced by the independent variables:
. Customer Satisfaction: The degree to which customers are satisfied with Al-driven
complaint handling processes.

3.3. Mediator
A mediator explains the relationship between independent and dependent variables. For this
framework:
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. Perceived Usefulness of Al Systems: How useful customers perceive Al systems to be.
This can mediate the relationship between Al adaptability (IV) and customer satisfaction/trust
(DV). If Al is seen as more useful, customers may be more satisfied with its application in
complaint handling.

. Customer Psychographics (CP): The moderating role of psychographics (lifestyle,
personality, values) in the relationship between customer attitude toward Al interaction and
customer satisfaction.

3.4. Moderator

A moderator is a variable that can influence the strength or direction of the relationship
between the independent and dependent variables. Examples include:

Complexity of Complaint: The level of complexity in customer complaints. More complex
complaints might require human intervention, moderating the relationship between Al
adaptability and complaint resolution efficiency.

Mediating Variables
Al Adaptability
Index
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4. Methodology
4.1 Research Design
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This study adopts a quantitative research design to examine how multiple dimensions of Al
service — Al Adaptability Index (AlAIl), Customer Attitude toward Hybrid Interaction
(CAHI), and Al-Driven Communication Value (AIDCV) — affect Customer Satisfaction
in telecom complaint handling. The research incorporates Perceived Usefulness and
Customer Psychographics as mediators, while Complaint Complexity is treated as a
moderator.

The study will use a cross-sectional survey method combined with customer service
performance metrics to validate the proposed framework and test hypotheses empirically.

4.2 Population and Sampling
The population consists of telecom customers who have used Al-driven complaint handling
systems (chatbots, IVR, hybrid Al-human models).

. Sampling Technique: Stratified random sampling to ensure representation across
different age groups, regions, and technology literacy levels.
. Sample Size: Minimum 400 respondents determined using Cochran’s sample size

formula at 95% confidence level and 5% margin of error.

4.3 Data Collection Instruments

Structured Questionnaire will consist of five sections:

1. Demographic Profile: Age, gender, location, education, and digital literacy.

2. Independent Variables:

AIAI — Measured by items assessing Al system usability, adaptability, and interface design (Li
et al., 2020).

CAHI — Measured by scales assessing trust, comfort, and satisfaction when switching between
Al and human agents (Gursoy et al., 2019).

AIDCV — Measured by items reflecting the customer’s perceived value, usefulness, and quality
of Al communication.

3. Mediators:

Perceived Usefulness (Venkatesh et al., 2012).

Customer Psychographics — Lifestyle, personality traits, and technology orientation measured
using standardized psychographic scales.

4. Dependent Variable:

Customer Satisfaction — Measured using Al service quality and SERVQUAL-based items
(Parasuraman et al., 1985).

5. Moderator:

Complaint Complexity — Self-reported perception of issue difficulty (Low, Medium, High).

All items will be measured using a 5-point Likert scale (1 = Strongly Disagree, 5 = Strongly
Agree).

4.4 Conceptual Framework

Independent Variables (1Vs):

Al Adaptability Index (AIAI)

Customer Attitude toward Hybrid Interaction (CAHI)
Al-Driven Communication Value (AIDCV)
Dependent Variable (DV):

Volume: 3, No: 3 July-September, 2025
1283



Customer Satisfaction

Mediators:

Perceived Usefulness of Al Systems
Customer Psychographics
Moderator:

Complaint Complexity

4.5 Hypotheses

H1: AlAI positively affects customer satisfaction in Al complaint handling.

H2: CAHI positively affects customer satisfaction.

H3: AIDCV positively affects customer satisfaction.

H4: Perceived usefulness mediates the relationship between each IV (AlAl, CAHI, AIDCV)
and customer satisfaction.

H5: Customer psychographics mediate the relationship between CAHI and customer
satisfaction.

H6: Complaint complexity moderates the relationship between Al service factors (AlAI,
CAHI, AIDCV) and customer satisfaction, such that the relationship is stronger for low-
complexity complaints.

4.6 Data Analysis Plan

Reliability & Validity Testing: Cronbach’s Alpha, Composite Reliability (CR), and
Confirmatory Factor Analysis (CFA).

Hypothesis Testing:

Direct effects: Multiple regression analysis.

Mediation: Structural Equation Modeling (SEM) using AMOS/SmartPLS.

Moderation: Hierarchical regression with interaction terms.

Model Fit Indicators: CFI, TLI, RMSEA, SRMR to ensure SEM adequacy.
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5. Results

5.1 Demographic Profile of Respondents

A total of 400 valid responses were collected.

Gender: 58% male, 42% female.

Age: 35% (18-25), 40% (26-35), 20% (36-45), 5% (46+).

Education: 50% bachelor’s degree, 30% master’s degree, 15% intermediate, 5% other.
Digital Literacy: 65% high, 25% medium, 10% low.

Table 1. Demographic Profile of Respondents (n = 400)

Demographic Variable | Category | Frequency | Percentage (%)
Gender Male 232 58.0
Female 168 42.0
Age 18-25 140 35.0
26-35 160 40.0
36-45 80 20.0
46+ 20 5.0
Education Intermediate | 60 15.0
Bachelor’s 200 50.0
Master’s 120 30.0
Other 20 5.0

5.2 Reliability and Validity Tests
Cronbach’s Alpha for all constructs exceeded the threshold of 0.7, confirming internal
consistency.
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Composite Reliability (CR): Values ranged from 0.81 to 0.92.

Average Variance Extracted (AVE): All constructs had AVE > 0.5, confirming convergent
validity.

Discriminant Validity: Fornell-Larcker criterion satisfied for all latent variables.

Table 2. Reliability and Validity of Constructs

Construct Cronbach’s Composite Average Variance
o Reliability (CR) Extracted (AVE)
Al Adaptability Index (AIAI) 0.88 0.91 0.67
Customer Attitude toward 0.85 0.89 0.65
Hybrid Interaction (CAHI)
Al-Driven Communication Value | 0.90 0.92 0.69
(AIDCV)
Perceived Usefulness 0.86 0.90 0.66
Customer Psychographics 0.84 0.88 0.63
Customer Satisfaction 0.89 0.91 0.68

5.3 Hypothesis Testing

Direct Effects (Multiple Regression Analysis)

H1: AI Adaptability Index (AIAI) — Customer Satisfaction (B = 0.32, p < 0.001) —
Supported.

H2: Customer Attitude toward Hybrid Interaction (CAHI) — Customer Satisfaction (f = 0.28,
p <0.001) — Supported.

H3: Al-Driven Communication Value (AIDCV) — Customer Satisfaction (B = 0.41, p <
0.001) — Supported.

Mediation (SEM Path Analysis)

H4: Perceived Usefulness mediates the effect of AlAIl, CAHI, and AIDCV on Customer
Satisfaction. Indirect effects were significant (p < 0.01), indicating partial mediation.

H5: Customer Psychographics mediate the effect of CAHI on Customer Satisfaction (p <
0.01), suggesting that lifestyle and personality traits influence customer acceptance of hybrid
Al-human complaint handling.

Moderation (Hierarchical Regression)

H6: Complaint Complexity moderates the relationships between Al service factors and
Customer Satisfaction. Interaction terms were significant (p < 0.05), showing that Al factors
have a stronger effect on low-complexity complaints, while high-complexity complaints still
require human intervention.

Table 3. Regression Results (Direct Effects)

Hypothesis Path B (Standardized) | p-value | Result
H1 AIAI — Customer Satisfaction 0.32 <0.001 | Supported
H2 CAHI — Customer Satisfaction | 0.28 <0.001 | Supported
H3 AIDCV — Customer Satisfaction | 0.41 <0.001 | Supported
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5.4 Model Fit Indices (SEM)
CFI = 0.95, TLI = 0.94, RMSEA = 0.045, SRMR = 0.039 — All values meet acceptable
thresholds, confirming good model fit.

Table 4. Mediation and Moderation Results (SEM Analysis)

Hypothesis | Indirect Path / Interaction Effect Size p- Interpretation
value

H4 AIAI — Perceived Usefulness | 0.18 <0.01 | Partial mediation
— CS confirmed
CAHI — Perceived 0.15 <0.01 | Partial mediation
Usefulness — CS confirmed
AIDCV — Perceived 0.21 <0.01 | Partial mediation
Usefulness — CS confirmed

H5 CAHI — Customer 0.14 <0.01 | Mediation confirmed
Psychographics — CS

H6 Complaint Complexity Interaction <0.05 | Moderation
(Moderator) significant confirmed

6. Discussion

6.1 Interpretation of Key Findings

The results demonstrate that all three independent variables—Al Adaptability Index (AlALl),
Customer Attitude toward Hybrid Interaction (CAHI), and Al-Driven Communication
Value (AIDCV)—significantly enhance Customer Satisfaction in Al-enabled telecom
complaint handling. These findings align with prior studies emphasizing that adaptable, user-
friendly Al systems improve service quality and customer experiences (Huang & Rust, 2021;
Li et al., 2020). Out of all three variables, AIDCV impacted the most, emphasizing customers
not only wish to find efficiency but also personalization, transparency, and quality service
when using Al systems.

The research also contains that the connection between the all three independent variables and
the customer satisfaction is mediated by the Perceived Usefulness. This is consistent with the
Technology Acceptance Model (Venkatesh et al., 2012), which holds that technology
acceptance and satisfaction rise when the customers believe a system to be useful. There is also
an involvement of customer psychographics, which displays an overlap between CAHI and
consumer satisfaction, proving that customers are susceptible to differences in lifestyle, value-
wise, and personality when exposed to Al-human combinations Presenting complaints
(Makridakis, 2021; Gursoy et al., 2019).

Extraordinarily competent with routine or low-complexity complaints, the Complaint
Complexity role moderates procedure changes displaying that, comparatively, human input is
significant with high-complexity or emotive looked complaints. It is consistent with previous
studies in support of blended Al-human service models (Verma et al., 2021; Wirtz & Zeithaml,
2023).

6.2 Theoretical Implications

1. Extending TAM and UTAUT Models:
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This study reinforces and extends traditional technology adoption theories by demonstrating
how psychographic factors and service value perceptions shape customer responses to Al in
complaint handling.

2. Multi-Dimensional View of Al Service Quality:

By integrating AlAl, CAHI, and AIDCV, the study offers a richer framework than traditional
single-factor measures of Al performance.

3. Contextualizing Al in Telecom:

Most existing studies explore Al in retail or hospitality (Kaplan & Haenlein, 2022; McLean &
Osei-Frimpong, 2021). This research adds empirical evidence from the telecom sector, where
customer service interactions are frequent and time-sensitive.

6.3 Practical Implications

1. Invest in Al Systems That Are Adaptive and Transparent:

Telecom providers should design interface-friendly Al systems that learn from customer
interactions and provide personalized, context-aware responses.

2. Implement Hybrid Service Models:

Routine complaints can be fully automated, while complex or high-value cases should be
seamlessly escalated to human agents to maintain customer trust.

3. Leverage Psychographic Data:

Understanding customers’ technology readiness, lifestyle, and personality can help providers
segment users and design tailored Al-human interaction strategies.

4. Communicate AI’s Value Clearly:

Marketing efforts should highlight the usefulness and reliability of Al services to build
customer confidence and improve adoption rates.

7. Conclusion

This paper has explored how Al Adaptability Index (AlAI), Customer Attitude towards Hybrid
Interaction (CAHI) and Al-Driven Communication Value (AIDCV) influence Customer
Satisfaction when utilizing Al in Telecommunication complaints resolution. The research,
through the application of Perceived Usefulness and Customer Psychographics as mediators
and Complaint Complexity as a moderator, gives a comprehensive insight into the way
customers think of perceiving and interacting with the Al-driven services.

The results repeat that the adaptability of Al, the attitude of hybrid interaction, and Al-driven
communication value all have great positive impacts on customer satisfaction. Among them,
AIDCV was shown to be the most influential as it has stressed that customers do not chase
efficiency as the final goal but appreciate transparency, customization, and a perceived quality
level. Moreover, Perceived Usefulness was discovered to mediate the impacts of all the 3
service factors on satisfaction that further justifies the theories of technology adoption, which
include TAM and UTAUT. Customer Psychographics formed responses to the hybrids of Al
with human models as well, proving that personal characteristics such as technology
orientation or lifestyle influence the way customers rate Al interactions with their users.
Moderating effect of Complaint Complexity means that although the technological systems
with the help of Al can easily resolve low-level and less-complex complaints, human factors
are essential when managing complaints with a higher level of complexity or subject to
emotional response. This restates the necessity of the blending model of Al-human services in
terms of balancing efficiency and sensitivity.
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Service quality and psychographic dimensions of traditional technology adoption frameworks
are added in the research, which contributes to the theory in this field. In practice, it prompts
telecom firms to invest in flexible Al systems, create a personalised approach to interaction,
and convey the Al advantage unmistakably to establish trust and develop long-term devotion.

Future studies ought to confirm such results on other industries like the banking or healthcare
sector, use longitudinal designs to show how customer attitudes change over time, and evaluate
how emotionally intelligent Al systems will change roles. Al adaptability is poised to play a
crucial role in improving telecom customer service. Overcoming challenges related to trust,
empathy, and privacy will be vital for the successful integration of Al in complaint handling.
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