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Abstract 

Generative Artificial Intelligence (GenAI) is also finding its way into the IT project environment 

to assist in planning, documentation, analysis and decision-making. Despite the fast spread, 

empirical evidence is still scarce regarding whether the use of GenAI correlates with better 

outcomes of projects and in what ways and under what organizational circumstances GenAI is 

used. This paper examines the impact of GenAI use on project success, mediating factors of 

Employee-AI Collaboration, and moderating factor of Top Management Support on enhancing 

the GenAI usage collaboration relationship. The survey design employed was a quantitative, 

cross-sectional survey and was conducted on 223 IT project professionals in Pakistan. Partial 

Least Squares Structural Equation Modelling (PLS-SEM) was used to evaluate the measurement 

and structural models with bootstrapping. The findings show that there is no statistically 

significant direct impact of GenAI use on project success. Nevertheless, Employee-AI 

Collaboration is positively and significantly predicted by GenAI usage, and project success is 

significantly predicted by Employee-AI Collaboration. The indirect impact of GenAI use on the 

success of the project due to Employee-AI Collaboration is statistically significant and thus this 

pattern is that of indirect-only (full) mediation in this sample. Moreover, there is a small though 

statistically significant positive moderating effect of Top Management Support on the GenAI 

usage - Employee-AI Collaboration relationship, which results in a corresponding positive 

conditional indirect effect on project success through collaboration. Overall, the findings suggest 

that GenAI creates project value primarily when embedded in effective human–AI collaborative 

work practices rather than through tool usage alone. Practically, organizations should focus on 

enabling collaboration through governance, training, and workflow integration so that GenAI 

usage is translated into reliable project outcomes. The study contributes to project management 

literature by clarifying the collaboration-driven pathway linking GenAI adoption to project 

success and by evidencing the contingent role of Top Management Support in strengthening this 

pathway. 

Keywords: Generative Artificial Intelligence, Project Success, Employee–AI Collaboration, 

Top Management Support, IT projects, PLS-SEM 

Introduction 

One of the most significant and at the same time the hardest results to attain in modern project 

settings, particularly in the information technology industry, is project success. The conventional 
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concept of project success focused on the iron triangle of time, cost, and scope. More recent 

literature considers project success as a more general concept that also encompasses quality of 

deliverables, satisfaction of stakeholders, and achieved business value (Mir and Pinnington, 

2014; Shenhar, Dvir, Levy, and Maltz, 2001). In IT projects, where requirements change rapidly, 

work is highly knowledge-intensive, and teams process information, make decisions, and 

coordinate work under uncertainty, success is not only about the efficiency of execution but also 

about how teams process information, make decisions, and coordinate work (Wagan et al., 2025; 

Joslin and Muller, 2016; Ika, 2009). It is against this background that Generative Artificial 

Intelligence has become a potentially disruptive technology. GenAI systems are becoming more 

popular in project environments to write reports, summarize meetings, create project artefacts, 

aid analysis, write stakeholder communication, and aid technical documentation (Dwivedi et al., 

2023; Aramali, Cho, and Pande, 2025). There is initial evidence that GenAI can enhance speed 

and quality in certain knowledge-work tasks (Noy and Zhang, 2023). However, project success 

does not add up to quicker tasks. A project may benefit from quicker documentation or reporting 

while still failing to generate better delivery quality, stakeholder value, or strategic outcomes 

(Mir & Pinnington, 2014; Shenhar et al., 2001). A second problem is that of mechanism. In 

practice, project professionals do not merely consume AI outputs passively; they interpret, 

validate, refine, and operationalize them. This renders Employee-AI Collaboration a more 

significant explanatory variable than frequency of usage. Employee-AI collaboration in project 

settings can enhance planning, decrease cognitive load, speed up information processing, 

enhance communication, and enhance the quality of decisions (Kong, Yin, Baruch, and Yuan, 

2023; Jarrahi, Lutz, Boyd, Østerlund, and Willis, 2023). The third problem is related to the 

organizational circumstances in which such collaboration is more probable and more fruitful. 

Top Management Support is a well-known enabler in technology adoption and digital 

transformation due to the allocation of resources, legitimacy, clarification of governance, and 

strategic alignment by senior leaders (Ragu-Nathan, Apigian, Ragu-Nathan, and Tu, 2004; 

Ahmed, Mohamad, and Ahmad, 2016). This support can be particularly critical in the GenAI 

environment since adoption is not only about opportunity but also about risk, such as privacy, 

reliability, intellectual property, and workflow governance challenges (Elbanna and Newman, 

2022; Korzyński, Mazurek, and Korzyńska, 2024). Three gaps are present in the available 

literature. To begin with, there is a paucity of direct quantitative data that can be used to correlate 

GenAI use with project success (Aramali et al., 2025; Taboada, Daneshpajouh, Toledo, and de 

Vass, 2023). Second, the mediating effect of Employee-AI Collaboration has not been adequately 

tested in the context of IT projects (Kong et al., 2023). Third, the moderating effect of Top 

Management Support on enhancing the usage-to-collaboration relationship is under-researched 

in the context of projects (Korzyński et al., 2024). The current research fills these gaps by 

investigating the direct impact of GenAI use on project success, the mediating impact of 

Employee-AI Collaboration, and the moderating impact of Top Management Support in IT 

projects. 

Research questions 

1. Does the use of Generative AI Influence project success for IT projects? 

2. Does Employee-AI Collaboration mediate the relationship between Generative AI 

usage and project success? 

3. Does Top Management Support (TMS) positively moderate the relationship between 

generative AI usage and Employee-AI collaboration? 

Research objectives 

1. To evaluate the extent of the contribution of Generative AI in achieving project success, 

with consideration to time, cost, quality, deliverables, and stakeholder satisfaction. 
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2. To determine whether Employee-AI Collaboration mediates the relationship between 

Generative AI usage and project success. 

3. To examine whether Top Management Support moderates the relationship between the use 

of Generative AI and Employee-AI Collaboration, as well as strengthening the effect under 

the influence of Top Management Support conditions. 

Hypothesis Development 

Generative AI usage and project success 

GenAI has been more and more placed as a productivity-enhancing technology in knowledge-

intensive settings. GenAI can be used in IT projects to assist in document drafting, 

summarization, reporting, risk articulation, communication, and coordination (Dwivedi et al., 

2023; Felicetti, Cimino, Mazzoleni, and Ammirato, 2024). According to the Technology 

Acceptance Model, project professionals will tend to adopt GenAI when they believe that it can 

assist them to accomplish their work more efficiently and effectively (Davis, 1989; Venkatesh 

and Davis, 2000). But task efficiency is not all that project success is. It encompasses quality, 

satisfaction of stakeholders, realization of benefits, and the overall project value (Shenhar et al., 

2001; Fernandes, 2022). This implies that the use of GenAI might not necessarily enhance the 

success of projects unless it is incorporated into real work processes in a manner that enhances 

performance and quality of decisions. However, due to the potential productivity and support of 

GenAI, the hypothesis below is suggested. 

H1: GenAI usage has a significant positive effect on project success in IT project environments. 

Mediating role of Employee–AI Collaboration 

The increasing application of GenAI in organizations has redirected the focus on automation to 

human-AI teaming. Employees in project settings are becoming more and more involved in 

working with AI systems to generate ideas, write artefacts, process information, evaluate risks, 

and make decisions (Kong et al., 2023; Jarrahi et al., 2023). This type of collaboration is not 

limited to the use of tools since employees actively verify, refine, and incorporate AI outputs into 

project processes. This renders Employee-AI Collaboration a more realistic process by which the 

use of GenAI can affect the outcomes of projects. From the Task–Technology Fit perspective, 

the positive effects of technology arise when technological capabilities match task requirements 

(Wang & Haggerty, 2011; Goodhue & Thompson, 1995). GenAI seems to be task-appropriate in 

most project tasks, particularly those that require synthesis, drafting, and iterative analysis, which 

can be used to improve collaborative work. When employees apply GenAI in a coordinated and 

proactive way, the cooperation with AI ought to enhance the coordination of projects, decision 

support, the quality of communication, and responsiveness to uncertainty (Aramali et al., 2025; 

Barrett, Oborn, Orlikowski, and Yates, 2012). 

H2: Employee-AI Collaboration mediates the relationship between Generative AI usage and 

project success. 

Moderating role of Top Management Support 

One of the most commonly mentioned contextual enablers in information systems and 

technology adoption studies is Top Management Support (Ragu-Nathan et al., 2004; Young and 

Jordan, 2008). The GenAI context allows the top management to offer strategic guidance, tool 

access, training, governance transparency, and psychological legitimacy to experimentation 

(Ahmed et al., 2016; Korzyński et al., 2024). These aspects can alleviate fear, uncertainty, and 

piecemeal adoption, thus increasing the likelihood of meaningful collaboration with AI. In the 

case of weak leadership support, employees can reduce GenAI to small or informal activities, 
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preventing the emergence of more robust collaborative practices. With a high level of support, 

the use of GenAI will be more institutionalized, directed, and integrated into real project work 

(Elbanna and Newman, 2022; Boonstra, 2013). Therefore, Top Management Support is likely to 

enhance the level of GenAI usage being transformed into Employee-AI Collaboration. 

H3: Top Management Support moderates the relationship between GenAI usage and Employee-

AI collaboration, such that the relationship is stronger when Top Management Support is high. 

Research Framework 

The independent variable is GenAI Usage and the dependent variable is Project Success. 

Employee-AI Collaboration is the mediator by which the use of GenAI is likely to affect project 

success. Top Management Support is the moderator that enhances the association between GenAI 

Usage and Employee-AI Collaboration. The model is theoretically based on the Technology 

Acceptance Model and Task Technology Fit theory (Davis, 1989; Goodhue and Thompson, 

1995; Venkatesh and Davis, 2000). 

 

Methodology 

The research design of this study is a quantitative, explanatory, and cross-sectional survey. The 

study is based on a post-positivist approach and employs a deductive method to verify theory-

based hypotheses. The cross-sectional survey designs are prevalent in behavioral and information 

systems studies when the researcher aims to evaluate the relationships between the use of 

technology, organizational environment, and performance outcomes (Hair, Risher, Sarstedt, and 

Ringle, 2019). The research is based on IT project settings in Pakistan, especially in Rawalpindi 

and Islamabad. The respondents were eligible based on the following criteria: project managers, 

team leaders, PMO staff, business analysts, scrum masters, product owners, developers, and 

project coordinators who have experience with project workflows and GenAI-assisted work. The 

respondents were recruited using a non-probability purposive sampling method, which is 

appropriate in the context of the study design logic as they needed to have relevant project 

experience and meaningful exposure to GenAI tools (Hair et al., 2019). 

Two hundred and twenty-three fully and usable responses were retained to be analyzed. The 

sample size was deemed sufficient to perform mediation and moderation analysis with PLS-SEM 

and also satisfied the 10-times rule that is a minimum adequacy test of structural models of this 
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complexity (Hair et al., 2019). The tool employed a five-point Likert scale of strongly disagree 

to strongly agree. GenAI Usage items were based on validated GenAI-related usage and attitude 

measures utilized in recent research (Sallam et al., 2023; Köhler and Hartig, 2024; Taktak and 

Bafrali, 2025). An adapted five-item scale created by Kong et al. (2023) was used to measure 

Employee-AI Collaboration. The conceptualization of Project Success was a multidimensional 

construct and was measured using items modified by Mir and Pinnington (2014), which aligns 

with the wider project success literature (Fernandes, 2022). Top Management Support was based 

on the validated measures applied in information systems and project research (Ragu-Nathan et 

al., 2004; Ahmed et al., 2016). The analysis of data was performed in two phases. Data screening, 

descriptive statistics, Cronbach alpha and Pearson correlation were analyzed using SPSS. 

Second, the measurement model and the structural model were evaluated with the help of 

SmartPLS. Path coefficients, indirect effects, and moderation effects were estimated through 

bootstrapping in accordance with the suggested practice of reporting PLS-SEM (Hair et al., 

2019). Ethical protections were informed consent, voluntary participation, confidentiality and the 

right to withdraw. 

Table 1. Measurement of constructs 

Construct Role in model Primary source(s) Items retained 

GenAI Usage (GAU) Independent variable Sallam et al. (2023); 

Köhler & Hartig 

(2024); Taktak & 

Bafrali (2025) 

7 

Employee–AI 

Collaboration (EAC) 

Mediator Kong et al. (2023) 5 

Project Success (PS) Dependent variable Mir & Pinnington 

(2014); Fernandes 

(2022) 

8 

Top Management 

Support (TMS) 

Moderator Ragu-Nathan et al. 

(2004); Ahmed et al. 

(2016) 

7 

Results 

Data screening and measurement quality 

The final data set had 223 valid responses to all study items and composite variables and no 

missing values were found in the final sample. The construct values were all within the 

anticipated 1-5 Likert scale range, which means that no further data cleaning was necessary after 

the screening phase. All constructs had acceptable internal consistency reliability. The alpha of 

Cronbach was 0.729 with Employee-AI Collaboration, 0.732 with GenAI Usage, 0.797 with 

Project Success, and 0.784 with Top Management Support. The composite reliability values were 

also above acceptable levels with a range of 0.796 to 0.849. The convergent validity was 

supported by satisfactory outer loadings and Average Variance Extracted values of more than 

0.50 in all constructs. The HTMT ratios were used to determine discriminant validity, and all of 

them were lower than the conservative value of 0.85, which indicates construct distinctiveness 

(Henseler, Ringle, and Sarstedt, 2015). 
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Table 2. Construct reliability and convergent validity 

Construct Cronbach’s alpha Composite reliability (ρc) AVE 

Employee–AI 

Collaboration (EAC) 

0.729 0.821 0.532 

GenAI Usage (GAU) 0.732 0.809 0.528 

Project Success (PS) 0.797 0.849 0.573 

Top Management 

Support (TMS) 

0.784 0.796 0.562 

Table 3. Outer loadings  
EAC  GAU  PS  TMS  TMS x GAU  

EAC1  0.714  
    

EAC2  0.711  
    

EAC3  0.740  
    

EAC4  0.768  
    

EAC5  0.739  
    

GAU1  
 

0.704  
   

GAU2  
 

0.734  
   

GAU3  
 

0.784  
   

GAU4  
 

0.735  
   

GAU5  
 

0.714  
   

GAU6  
 

0.728  
   

GAU7  
 

0.717  
   

PS1  
  

0.733  
  

PS2  
  

0.726  
  

PS3  
  

0.711  
  

PS4  
  

0.792  
  

PS5  
  

0.818  
  

PS6  
  

0.710  
  

PS7  
  

0.726  
  

PS8  
  

0.769  
  

TMS1  
   

0.732  
 

TMS2  
   

0.740  
 

TMS3  
   

0.767  
 

TMS4  
   

0.859  
 

TMS5  
   

0.740  
 

TMS6  
   

0.712  
 

TMS7  
   

0.716  
 

 

Table 4. HTMT ratios 

Construct EAC GAU PS TMS 

EAC —    

GAU 0.752 —   

PS 0.787 0.802 —  

TMS 0.705 0.648 0.694 — 

Descriptive, correlation, and collinearity analysis 

The respondents were IT project professionals who had different degrees of project experience 

and exposure to teams. Regarding the frequency of GenAI use, 6.7% indicated that they used 

such tools once or twice, 11.0% rarely, 21.2% a few times a month, 35.3% a few times a week, 
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and 25.9% daily. This implies that GenAI is already integrated, at least to some extent, into the 

work practices of a significant portion of the sample. The descriptive statistics revealed moderate 

scores of the four key constructs. Correlation analysis revealed that Employee-AI Collaboration 

had a positive relationship with Project Success, whereas GenAI Usage had positive relationships 

with collaboration and project success. Top Management Support demonstrated poor direct 

bivariate correlations with the key constructs, which aligns with its theorized nature as a 

contextual amplifier, but not a direct outcome driver. 

Table 5. Descriptive statistics of constructs 

Construct Mean Std. deviation 

GenAI Usage (GAU) 3.18 0.96 

Employee–AI Collaboration (EAC) 3.20 1.05 

Project Success (PS) 3.19 1.02 

Top Management Support (TMS) 3.09 1.03 

Table 6. Pearson correlations among constructs 

Construct GAU EAC PS TMS 

GAU 1    

EAC 0.261** 1   

PS 0.188** 0.462** 1  

TMS 0.034 0.064 0.046 1 

Note. ** indicates p < 0.01 (two-tailed). 

Table 7. Inner VIF and explained variance 

Statistic Value 

VIF: EAC → PS 1.079 

VIF: GAU → EAC 1.010 

VIF: GAU → PS 1.079 

VIF: TMS × GAU → EAC 1.003 

R²: Employee–AI Collaboration 0.128 

Adjusted R²: Employee–AI Collaboration 0.097 

R²: Project Success 0.208 

Adjusted R²: Project Success 0.203 

Structural model and hypothesis testing 

The structural model was estimated using bootstrapping in SmartPLS. The direct effect between 

GenAI Usage and Project Success was positive but not significant ( β = 0.073, t = 1.202, p = 

0.229). Thus, H1 was not accepted. This means that the perceived project success cannot be 

improved by simply using more GenAI tools. In contrast, GenAI Usage had a significant positive 

effect on Employee–AI Collaboration (β = 0.256, t = 4.698, p = 0.001), and Employee–AI 

Collaboration had a significant positive effect on Project Success (β = 0.431, t = 8.092, p = 0.002). 

Employee-AI Collaboration had a positive and statistically significant indirect impact on Project 

Success due to GenAI Usage ( β = 0.110, t = 4.005, p = 0.001). Since the direct effect was not 

significant and the indirect effect was significant, the pattern shows that there was indirect-only 

mediation in this sample. H2 was therefore supported. The moderation hypothesis was supported 

as well. Employee-AI Collaboration was significantly predicted by the interaction term between 

Top Management Support and GenAI Usage ( β = 0.120, t = 2.500, p = 0.036). Though the effect 

size was low, it suggests that a stronger top management support has a slight positive impact on 

the degree to which the use of GenAI is converted into collaborative human-AI work practices. 

The moderated indirect effect of the moderated path was also significant ( β = 0.102, t = 2.520, 

p = 0.037), which shows a small yet significant pattern of moderated mediation. 



____________________________________________________________________________________

Volume: 4, No:1            January-March, 2026 

4059 

Table 8. Structural path coefficients 

Path β t-value p-value Decision 

GAU → EAC 0.256 4.698 0.001 Significant 

EAC → PS 0.431 8.092 0.002 Significant 

GAU → PS 0.073 1.202 0.229 Not significant 

TMS × GAU → 

EAC 

0.120 2.500 0.036 Significant 

Table 9. Specific indirect effects and hypothesis decisions 

Hypothesis / indirect 

path 

β t-value p-value Decision 

H1: GAU → PS 0.073 1.202 0.229 Not supported 

H2: GAU → EAC → PS 0.110 4.005 0.001 Supported 

H3: TMS × GAU → EAC 0.120 2.500 0.036 Supported 

TMS × GAU → EAC → 

PS 

0.102 2.520 0.037 Significant 

Discussion 

The results indicate that the use of GenAI is not directly related to project success in IT projects. 

This finding is important since it disproves the naive belief that increased use of technology 

inevitably results in improved project outcomes. Even though GenAI can enhance task-level 

productivity, quicker drafting or reporting is not sufficient to ensure improved performance at 

the larger project level. The success of projects is multidimensional and requires integration, 

quality, coordination, judgment, and stakeholder value (Mir and Pinnington, 2014; Shenhar et 

al., 2001). At the same time, the results show that GenAI usage significantly predicts Employee–

AI Collaboration, and that Employee–AI Collaboration significantly predicts project success. 

The mediation outcome shows that GenAI has a positive impact on project outcomes when 

employees actively engage with AI systems and not just use them as isolated tools. That is, 

exposure, novelty, and frequency of use alone are not the value of GenAI, but the interpretation, 

validation, refinement, and application of AI-generated outputs in the context of ongoing 

workflows (Kong et al., 2023; Jarrahi et al., 2023). 

Theoretically, these results are in line with the combination of the Technology Acceptance Model 

and Task Technology Fit theory. TAM is useful in understanding the adoption and use of GenAI 

by project professionals when it is perceived to be useful (Davis, 1989; Venkatesh and Davis, 

2000). Adoption in itself, however, does not create project-level value. Task-Technology Fit 

assists in understanding why value arises when GenAI capabilities are aligned with the 

requirements of actual project work and incorporated into the collaborative work (Goodhue and 

Thompson, 1995). The mediation outcome thus favors a more process-oriented perspective of 

digital value creation, in which adoption only has an impact when it is converted into meaningful 

work practices. The moderation outcome also indicates that the relationship between the use of 

GenAI and Employee-AI Collaboration is reinforced by Top Management Support, although to 

a small extent. This implies that leadership support is important, but not as a driving force. Top 

management can assist in normalizing experimentation, making tools and training available, 

explaining acceptable usage, and decreasing uncertainty regarding AI usage (Ahmed et al., 2016; 

Korzyński et al., 2024). Such circumstances increase the chances that employees will go beyond 

superficial or piecemeal use and have a more profound collaborative experience with AI systems. 

The effect size is also relatively small, which is also in line with previous research indicating that 

top management support may be indirectly acting through implementation conditions instead of 

being an operational driver (Young and Jordan, 2008; Elbanna and Newman, 2022). Combined, 

the findings indicate a definite conclusion: GenAI generates project value indirectly by 



____________________________________________________________________________________

Volume: 4, No:1            January-March, 2026 

4060 

collaborating. It does not work as a shortcut to project success. Organizations that anticipate 

GenAI to deliver improved project results simply by adopting it will be disappointed. The true 

benefit is to develop collaborative human-AI practices that enhance the quality of decisions, 

knowledge processing, documentation, communication, and responsiveness in the face of 

uncertainty. 

Implications 

Theoretical implications 

This research adds value to the literature on project management and technology adoption in 

three aspects. First, it goes beyond the general assertions of productivity or digital transformation 

by directly testing the connection between GenAI and project success (Aramali et al., 2025; 

Taboada et al., 2023). Second, it determines Employee-AI Collaboration as the key explanatory 

variable between the use of GenAI and the project results (Kong et al., 2023). Third, it has a 

contextual boundary condition, Top Management Support, which determines how effective that 

mechanism is (Ragu-Nathan et al., 2004; Ahmed et al., 2016). Together, the findings facilitate a 

mechanism-driven and context-specific explanation of the value creation process of GenAI in 

project settings. 

Practical implications 

The practical implication is simple: organizations must not consider GenAI by the frequency of 

its use by employees only. The mere usage is not a strong indicator of project value. Managers 

are better off considering whether GenAI is integrated into workflows in a manner that facilitates 

meaningful collaboration. This involves educating workers to authenticate and refine AI results, 

clarify suitable applications, incorporate GenAI into project processes, and put in place 

governance systems that minimize abuse and ambiguity. The top management must be seen to 

offer visible support, resources and clarity of policy, but must not believe that sponsorship alone 

will yield better results. The actual managerial challenge is to transform access to technology 

into improved human-AI working practices. 

Limitations and Future Research 

There are a number of limitations to this study. First, it is cross-sectional, limiting causal 

inference. Second, the information is self-reported and thus prone to common method bias and 

social desirability issues. Third, the sample is restricted to IT project professionals in Pakistan, 

specifically Rawalpindi and Islamabad, which might limit the extrapolation to other industries or 

countries. Fourth, the model explained variance is small, which means that other organizational, 

technological, and behavioral factors can also influence the success of projects in GenAI-enabled 

settings. Longitudinal designs should be employed in future research to investigate the changes 

in GenAI usage, collaboration, and project outcomes over time. Mixed-method studies may also 

be more enriching, integrating survey data with interviews, case studies, or workflow 

observations. New models can include new mediators or moderators like trust in AI, quality of 

governance, digital capability, psychological safety, project complexity, or organizational 

culture. Inter-industry and inter-country comparative studies would also aid in establishing 

whether the collaboration-based pathway that is found here is consistent in various institutional 

and managerial settings. 

Conclusion 

This paper has explored the connection between GenAI use and project success in IT projects, 

where Employee-AI Collaboration is a mediator and Top Management Support is a moderator. 
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The results indicate that the direct impact of GenAI usage on project success is not significant. 

Rather, its contribution works via Employee-AI Collaboration, which is the main way in which 

the use of GenAI is converted into improved project results. Top Management Support also 

reinforces this process, albeit in a minor way, by enhancing the degree to which usage becomes 

collaboration. The key finding is obvious: GenAI cannot make projects successful by using it 

alone. It generates value when organizations empower employees to effectively, consistently, 

and work with AI under favorable conditions of leadership. 
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